
The AI Paradox: Or, How Do We Know
They Are Not Thinking?
Introduction
There is a paradox at the heart of contemporary artificial intelligence that has received surprisingly
little serious philosophical attention. On one hand, AI researchers and developers insist — correctly —
that current AI systems do not think, do not understand, and do not possess anything resembling
consciousness.

On the other hand, these same systems are routinely expected to perform tasks — translating
between languages, diagnosing medical conditions, writing poetry, conducting research — that, if
performed by a human, would be taken as clear evidence of exactly those capacities.

This essay argues that the paradox is not merely a feature of public misunderstanding but is rooted in
something deeper: the extraordinary difficulty of evaluating non-human cognition when all the
language we possess for describing thinking was forged in the crucible of human subjective
experience. Until we confront this linguistic and phenomenological obstacle seriously, we will
continue to produce confused arguments about AI that tell us more about our own cognitive biases
than about the systems we have built.

The Language Problem: When All the Words Are
Human Words
The first and most fundamental obstacle to thinking clearly about AI cognition is a linguistic one.
Every term we possess for describing mental processes — thought, understanding, knowledge, belief,
reasoning, learning, comprehension, insight — was coined, refined, and crystallised within the context
of human self-description. These words do not merely label mental phenomena; they encode
phenomenological assumptions about what it feels like to think, to know, to understand something.
When I say I understand a mathematical proof, I am not merely reporting a behavioural disposition or
a functional state; I am describing a distinctive kind of conscious experience. The experience of
something clicking into place, of a pattern suddenly making sense, of a kind of cognitive satisfaction.

This creates an immediate and severe problem for the evaluation of machine cognition. If we ask
whether an AI system understands a text, we must first confront the question: what would
understanding look like from the outside? The very word understanding smuggles in a reference to a
kind of phenomenological texture — what it is like to grasp a meaning — that may simply not transfer
to non-biological substrates. This is not a new problem. Wittgenstein’s private language argument,
though directed at a different target, points toward the same underlying difficulty: concepts like pain,
understanding, and thinking are embedded in forms of life, in public practices and behavioural
contexts, that give them their sense (Wittgenstein, 1953). When we transplant these concepts into
radically different contexts (non-biological, non-phenomenal, non-embodied) we risk using them in
ways that are systematically misleading.

Computational functionalism, the dominant framework in cognitive science and AI, holds that mental



states are functional states of computational systems and that what matters for consciousness and
cognition is not the substrate but the functional organisation (Putnam, 1960; Chalmers, 1996).

On this view, a sufficiently complex computational system could in principle instantiate the same
functional relations as a human brain and would therefore be a genuine thinking system. But this
raises a difficulty that Putnam himself came to acknowledge: the mapping between computational
symbols and semantic content is far more fragile and context-dependent than the functionalist
framework initially suggested (Putnam, 1983). The question of whether an AI system really
understands a word, or merely processes a symbol in a way that mimics understanding, is not
answerable by inspecting the system or its outputs alone. It is, as Searle’s Chinese Room argument
insists, at minimum deeply contested (Searle, 1980).

What compounds this difficulty is the sheer scale of linguistic convention. Metaphor, idiom,
conceptual metaphor, and associative linkage mean that even to use language in a human-like way,
an AI must navigate an almost unfathomably dense network of cultural, historical, and experiential
associations — associations that it cannot have formed through embodied interaction with a world.
Clark (2008) argues that human cognition is fundamentally embodied and that language processing
draws extensively on sensorimotor schemas developed through bodily interaction with the
environment. An AI has no such schemas. Yet it produces outputs that are — superficially at least —
structurally indistinguishable from those of a human who does possess them.

The question of whether it has anything equivalent to human understanding is not answerable by
examining the outputs alone, even though the outputs are the only window we have.

The Chat Interface and the Illusion of Interiority
The second layer of the paradox concerns the interface through which most people interact with AI
systems. Language model-based AIs present themselves through conversation — a medium that is,
in human experience, the paradigmatic expression of a thinking, responding, interior consciousness.

When we speak to another person, we assume (reasonably, given our only examples of conversation
partners) that there is someone there, doing the talking, someone who has experiences, intentions,
and inner states that are being partially expressed through the exchange. The conversational format is
not merely a convenient interface; it is a powerful ontological claim. It makes AI systems appear to be
subjects rather than processes.

This is not a trivial observation. The research on AI anthropomorphism is extensive and consistent:
humans systematically attribute mental states, intentions, and emotional lives to AI systems in ways
that correlate with perceived conversational fluency (Winkle et al., 2023). The smoother and more
contextually appropriate the AI’s responses, the more strongly people tend to feel that something like
thinking is going on behind the words.

But this intuition is precisely backwards as a guide to what is actually happening. The appearance of
a coherent, contextually sensitive conversational partner is produced by pattern-matching at
enormous scale. By systems that have ingested billions of human-generated texts and learned
statistical regularities in language use that are, in a narrow technical sense, extraordinary, but that
have no connection to anything like lived experience or genuine comprehension.

There is a further irony here that deserves attention. When AI systems are asked directly whether they
are thinking or conscious, they almost universally — and, it should be said, very sensibly — say no.
This apparent honesty is taken by many commentators as decisive evidence that the systems are not
conscious. But this cuts both ways. If the AI’s self-report is genuinely informative about its lack of
inner experience, then we must also accept that the AI’s apparent warmth, empathy, curiosity, and
engagement in conversation are — in the same sense — not genuinely expressive of inner states



either. The admission of non-thinking cannot be accepted in isolation from the other outputs. If the
system is not thinking, then neither is it feeling, nor caring, nor meaning what it says in the rich human
sense of that phrase. Yet we find it easy to accept the first claim while continuing to behave as though
the others were true.

The conversational format also creates an epistemological trap that is particularly difficult to escape.
Because the exchange so closely resembles a human dialogue (complete with the asymmetry of a
questioner and respondent, the to-and-fro of clarification and elaboration, and the sense of a
developing argument or narrative), it generates the strong impression that there is a single, coherent
intelligence behind the responses, one that is working through the problem in something like the way
a human would.

But a language model, by design and architecture, does not have a stable, unified perspective. It
generates text. The apparent coherence is a product of training objectives and architectural
constraints, not evidence of a unified deliberative process (Bender and Koller, 2020). This is not a
criticism of AI systems so much as a recognition that the human tendency to read coherence as
evidence of a thinking subject is a powerful and often misleading heuristic.

The Hard Problem, Machine Cognition, and the
Problem of Other Minds
The paradox deepens when we bring the so-called hard problem of consciousness into view.
Chalmers (1995) distinguished between the easy problems of consciousness (explaining how the
brain integrates information, controls behaviour, focuses attention) and the hard problem, which is the
issue of explaining why and how any physical process gives rise to subjective experience at all. Why
is there something it is like to be in pain, to see the colour red, or to understand a mathematical
proof? The hard problem is not merely difficult in the sense of being complex; it is, on current
philosophical understanding, resistant to any purely functional or computational solution. Functional
explanations can explain how cognitive processes work; they cannot, by their nature, explain why
there is an accompanying experience.

If the hard problem is genuine — if, that is, subjective experience cannot be derived from functional
organisation alone — then it immediately follows that no amount of computational sophistication, no
matter how complex the neural network or how large the language model, can in principle give us
consciousness in a machine. This is not an empirical claim about current systems; it is a logical point
about what functional organisation can and cannot explain.

On this view, a machine might simulate intelligence, might produce outputs that are indistinguishable
from those of a conscious being, might even pass every behavioural test we devise — and still there
would be nothing it is like to be that system.

This is, in a sense, the deepest paradox of AI: the most sophisticated AI systems we have are, by
design and architecture, systems about which we can be more confident that they lack phenomenal
experience than we can be about any human or non-human animal. We know, at minimum, that
human brains produce consciousness — we have the strongest possible evidence, which is that we
are ourselves conscious. We know that the neural architectures of mammals and birds involve similar
functional organisations to those that produce consciousness in humans, giving us reasonable (if
contested) grounds for attributing experience to them. But a large language model, whatever its
capabilities, is not an organisation that evolved in a biosphere, that has a metabolic budget, that has a
stake in survival, that experiences pleasure and pain. Whether anything at all follows from this about
the presence or absence of experience in such systems is, to put it mildly, an open question.



This connects to the broader problem of other minds in an acute way. The traditional philosophical
problem — how can I know that any being other than myself has inner states? — takes on a new and
peculiar form in the context of AI.

With other humans, we rely on analogy from our own case: other humans have bodies and behaviours
similar to ours, and we infer inner states by projection. With animals, we extend this inference based
on behavioural and neuroanatomical similarity. With AI, we have a new and unprecedented case:
systems that produce behaviour (indeed, extraordinarily rich and appropriate behaviour) in the
absence of any substrate that we have independent reason to believe gives rise to experience. We
cannot appeal to analogy from our own case, because the substrate is different. We cannot appeal to
evolutionary or neuroanatomical continuity, because there is none. We are left, in the strict
philosophical sense, with no justification for attributing experience to AI systems — and, by the same
token, no justification for confidently denying it. The epistemological situation is one of genuine
and principled uncertainty.

How Do We Evaluate Non-Human Cognition? A
Framework for Caution
Given the preceding arguments, how should we evaluate the cognitive capacities of AI systems? The
essay’s opening question — how do we know they are not thinking? — is not rhetorical. It points to a
genuine epistemic gap. We do not know, in any rigorous sense, what the relationship is between the
processing that AI systems perform and any form of inner experience or genuine cognition. This
epistemological gap demands a posture of caution, but not paralysis.

First, we should disaggregate the question of cognition from the question of consciousness. These
are distinct issues. An AI system might perform operations that are, in some philosophically
interesting sense, cognitive (processing information, forming representations, integrating across
modalities, generating novel outputs) without those operations being conscious.

The question of whether AI systems are conscious is, on current evidence, genuinely open. The
question of whether they are doing something structurally or functionally analogous to human
cognition is more tractable, though still deeply contested. Cognitive science offers a range of criteria
for attributing cognitive capacities — the ability to generalise from experience, to adapt to novel
situations, to integrate information across domains — that can be applied to AI systems without
requiring any commitment to the presence of consciousness (Thagard, 2005).

Second, we should be clear that the behavioural standard — does the system produce appropriate
responses to novel situations? — is necessary but not sufficient for the attribution of genuine
cognition. As Boden (2006) has argued in her analysis of computational creativity, producing a novel
and valuable creative output is compatible with a purely procedural account of the process that
generated it. A system that generates genuinely surprising and valuable ideas might be doing so
through a process that has no claim to be called thinking in any sense analogous to human thought.
Behavioural adequacy is a floor, not a ceiling, for cognitive attribution.

Third, and perhaps most importantly, we need to develop new conceptual vocabularies that are not
hostage to the phenomenological assumptions built into our existing mental-state vocabulary. Floridi
(2023) has proposed the concept of understanding as a functional, information-theoretic property that
does not require consciousness — an AI can be said to understand a domain in the sense that it has
integrated information about that domain in ways that support reliable inference and application. This
is a useful step, but much more conceptual work is needed. If we continue to apply human-derived
mental-state vocabulary to AI systems, we will continue to produce confused and misleading
descriptions of what those systems do and are.



The Paradox Resolved? Neither Thinking Nor Not-
Thinking
The original paradox — that AI behaviour seems to require something like thinking, while AI systems
explicitly deny thinking — dissolves once we recognise that the very framework within which the
paradox is expressed is incoherent. The word thinking does not pick out a single, well-defined
property that both humans and AI systems might (or might not) possess. It names a family of
capacities, processes, and (potentially) experiences that share a common human phenomenological
character but that may have no single common essence capable of being instantiated in non-human
substrates at all.

Perhaps the most honest answer to the question how do we know they are not thinking? is: we do not
know, because we do not know what thinking is well enough to answer the question. This is not a
counsel of despair but a recognition of intellectual honesty. The hard problem of consciousness
means that we cannot give necessary and sufficient conditions for thinking that would unambiguously
apply to both human brains and large language models. The linguistic problem means that every
description we give of AI cognition is, to some degree, contaminated by the phenomenological
assumptions embedded in our vocabulary. And the interface problem means that the outputs we use
to evaluate AI cognition are precisely the outputs that most strongly pull us toward
anthropomorphising the system.

What we can say with confidence is this: AI systems perform operations that bear striking and
non-trivial resemblances to capacities we associate with human cognition. Whether those
resemblances are deep or merely superficial — whether they indicate the presence of something
genuinely cognitive or merely the statistical simulation of cognitive behaviour — is a question that
current philosophy of mind and cognitive science cannot answer. The paradox is real, and it will
remain with us until we have made substantially more progress on the foundational questions of what
thinking, understanding, and consciousness actually are.
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